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Introduction
The labor market in Egypt fails to offer opportunities to the youth. The share of formal jobs has decreased. The public sector has contracted, and education no longer guarantees access to a public job. Entering the labor market is difficult and often requires connections. The World Bank notes that the informal sector was the only source of employment growth in the 1998-2012 period (World Bank 2014) . Educational attainment increased during the same period; job prospects have deteriorated in particular for the young educated.
In this context, temporary work migration, mostly to Gulf countries, appears as one solution out of the "Labor market trap, " in particular in rural areas and those distant from urban centers where formal jobs concentrate. There were an estimated 3.7 million Egyptian emigrants in 2010. According to the World Bank, "it is reasonable to conclude that the lack of a formal private sector in distant Upper Egypt and the systematic exclusion of recent generations from the public sector has been one driver of international migration. " This paper asks "Who migrates?" in Egypt. A basic model of migration (Borjas 1987 ) predicts that migration increases with the relative gain, comparing expected income abroad and at home. With credit constraints, however, effective migration also depends on the capacity to finance migration costs. Networks of past migrants tend to lower such costs, making migration possible for individuals lower in the income or wealth distribution. 1 We consider the role of labor market outcomes-employment and formal employment-as potential determinants of the migration decision and the interaction between these outcomes and networks as determinants of migration. We also look at the relationship between household wealth, migrant networks, and the propensity to emigrate. We use data from Egypt's labor market survey, which allows us to observe individual and household characteristics before a migrant's departure, thus mitigating reverse causality. Throughout the paper, we focus on temporary migration, which represents the major part of Egyptian emigration.
Using an index of household wealth as a proxy for permanent income, we confirm the non-linear relationship between wealth and migration propensity, in line with other studies on emigrant selection in developing countries (McKenzie and Rapoport 2007; Fernandez-Huertas Moraga 2013) . We also find that migrant networks influence this relationship, increasing migration incidence at lower wealth levels.
We find labor market outcomes-unemployment and informal employment-to feature prominently among the drivers of emigration. Unemployed young men, and those employed in the informal sector, are more likely to emigrate. In the context of Egypt, characterized by high unemployment and informality rates, and a "dual" labor market (Assaad 2014; Wahba and Assaad 2015; Assaad and Krafft 2015) , these findings suggest that the scarcity of quality jobs, in particular for educated youth, acts as a driver of migration flows. However, interacting labor market outcomes and migrant networks shows that migration is conditional on the network: the effect of unemployment and informal employment is non-significant or reversed in areas with a low prevalence of migration. This raises the potential concern that opportunities to migrate are unequally shared across communities in Egypt.
A large literature is devoted to the issue of migrant selection, which matters for welfare in both sending and host countries. Numerous papers have studied the question for Mexican migrants, reaching different conclusions as to whether Mexican migrants to the USA are positively or negatively selected (i.e., more or less educated, or productive, than non-migrants) (Chiquiar and Hanson 2005; McKenzie and Rapoport 2007; Moraga 2011; Fernandez-Huertas Moraga 2013) . McKenzie and Rapoport (2010) have proposed that variation in the size of networks may explain different patterns of selection because networks help reduce migration costs and overcome credit constraints, reducing positive selection.
Our results show that, in a labor market characterized by high unemployment and duality, employment status is a more relevant indicator of migration incentives than home wages. Unemployment and informality are drivers of migration, but their effect is also conditional on networks. A possible explanation is that migration intentions fail to materialize in low-migration environments due to cost or credit constraints.
The importance of international migration in Egypt is highlighted by the extensive research on the impact of migration on the Egyptian labor market, both in terms of entrepreneurship and labor market outcomes of returnees (McCormick and Wahba 2001; 2003; Wahba and Zenou 2012; Wahba 2015) and of impacts on nonmigrants (Binzel and Assaad 2011; Bertoli and Marchetta 2015) . Comparatively, less work has been devoted to the determinants of departures. Amer and Fargues (2014) analyze migration intentions of young Egyptians after the 2011 uprising and find that the perception of increased insecurity and political instability following the revolution act as a new push factor for migration. This paper, focused on the economic drivers, shows the importance of local economic conditions as a driver of emigration. Recent reports (World Bank 2014) highlight the increasing difficulty of graduates to find jobs matching their qualifications, as the reduction of public sector jobs has not been compensated by private sector job growth. The results presented here suggest this feature of the labor market to be one important driver of Egyptian emigration flows.
The paper is organized as follows: Section 2 presents the data we use and describes our methodological approach, Section 3 presents our findings, and Section 4 concludes.
Context, data, and methodology
International migration has become a prominent feature of the Egyptian economy since its start in the 1970s. According to CAPMAS, the Egyptian statistical agency, there were 3.7 million Egyptian emigrants in 2010. The majority are temporary migrants (70%, according to CAPMAS), who go to oil economies of the Gulf, Libya, and Jordan, to work. The amount of remittances sent by migrants amounted in 2010 to $7.7 billion., representing 4% of the GDP.
The majority of Egyptian migrants are men, who go to countries in the Gulf region, Libya, and Jordan as temporary migrants to work 2 . Among current migrants in 2012, 96% are men, 95% of them are working abroad. Saudi Arabia, Jordan, Kuwait, and Libya make up 75% of all destinations. The median current migrant has been abroad for 4 years.
Therefore, we will restrict our analysis to men and model migration as a decision in which household variables such as size and financial capacity are potential determinants. The concentration in destination countries implies that networks of past migrants are likely to play a role.
Data and descriptive statistics
We use the 1998, 2006, and 2012 waves of the Egyptian Labour market panel survey (ELMPS) 3 , a nationally representative household survey carried out by the Economic Research Forum (ERF), in cooperation with the Central Agency for Public Mobilization and Statistics (CAPMAS) (OAMDI 2016) .
The survey provides information on past migration as well as on current migration (in the 2006 and 2012 waves); in addition, the 2012 survey contains a detailed module on migration. This makes this survey particularly well suited for the study of migration issues. In this paper, we exploit the longitudinal structure of the data, which allows to look at pre-departure determinants of emigration (at the individual and household levels); this mitigates the reverse causality issues which arise when using cross-sectional data to study these questions.
In order to study the determinants of emigration, we construct two distinct samples.
In the first one (sample I), we match household characteristics in 1998 and 2006 to later departures of one of its members. We use information from the following survey wave (2006 and 2012, respectively) on current and return migrants to identify households where a member emigrated between one survey year and the next (by the next survey year, the migrant may have returned or not). By matching emigration episodes to pre-departure variables, we are able to study the determinants of emigration, while avoiding reverse causality: this is particularly important when looking at household wealth as a determinant of migration. Sample I is thus a panel of households with two periods.
The second sample (sample II) consists of observations for individuals living in Egypt in 2006, where we use the information in the following 2012 survey to identify those who emigrated after 2006 (i.e., between 2007 and 2012) . We use this sample to look at the predeparture determinants of emigration, at the individual and household level. Given the gender and age distribution in the migrant population, we retain in this sample only men of age between 16 and 54, i.e., potential emigrants.
The advantage of this sample is that we can look at the impact of individual characteristics, such as education, age, and employment, on emigration decisions; while in the first sample, we use only household-level variables. The limitation, however, is that we cannot build a similar sample for individuals who emigrated between 1998 and 2006, as the 2006 survey provides little information on current migrants in that year (gender and age are not available). Therefore, sample II is a cross section of individuals in 2006.
Statistics on the household sample (sample I) are presented in Table 1 . Households with a member emigrating in the following years appear similar to other households, in terms of education of the head, wealth, and dependency ratio (measured as the share of non-working individuals in the household). For wealth, we use an asset-based index, built as the principal component of a list of assets and asset characteristics owned by the household; this serves as a proxy for a household's permanent income (Filmer and Pritchett 2001) .
Migrant households are more often rural; they are significantly larger, and they have a significant lower shares of members employed in the formal sector.
Migrant households are more likely to reside in localities with a history of recent migration: this is consistent with the evidence on the role of networks in migration. As a measure of the potential migrant network, we use the migration prevalence (share of households with a migrant) at the district level, based on recent departures (1998) (1999) (2000) (2001) (2002) (2003) (2004) (2005) departures for the 2006 wave, 1990-1997 for the 1998 wave). Table 2 presents descriptive statistics for the sample of individuals (sample II): focusing on men aged between 16 and 54 in 2006, it compares the characteristics of individuals who emigrated after 2006, to those who did not. Future emigrants are markedly more educated than the average. More than half of them have secondary education, and a quarter have tertiary education. We have here a first indication of the positive selection of Egyptian emigrants, which is also highlighted in Wahba (2015) . In terms of labor market outcomes, future emigrants appear to have significantly higher unemployment rates, and their jobs are more often in the informal sector. This confirms the negative association between formal employment and migration, already shown in the household data. We will thus give a particular attention to these aspects in the analysis of factors determining the migration decision.
Migrants are markedly younger than non-migrants. The average age of migrants in our sample (as measured in 2006, i.e., a few years before migration) is 25; 14% were aged 16 to 19 in 2006. 4
Wealth-migration relationship
Before turning to the regression analysis, we look more closely at the relationship between (pre-departure) wealth and migration, using the household sample. This is done in Figs. 1, 2, and 3, which compare the distribution of the wealth variable in the population of soon-to-be migrant households and in the whole population. The wealth variable is a standardized index based on asset ownership (Filmer and Pritchett 2001) . It has a mean of 0 and a standard deviation of 1, in the whole population. Figure 1 shows that the probability to send a migrant, in the few years following the survey, is higher in an interval of approximate wealth values [ −1, 0]. In other words, households most likely to send a migrant belong to what might be called a lower middle class. This is in line with previous analysis of migration determinants, which showed that migration tend to be more prevalent among relatively welloff households, because it requires a certain level of wealth or income in order to afford migration costs (Fernandez-Huertas Moraga 2013; McKenzie and Rapoport 2007) . On the other hand, incentives to migrate decrease with wealth, which explains that the propensity declines in the upper half of the distribution. 2 and 3 show that this pattern differs markedly between urban and rural locations. Selection on wealth is more marked in urban populations, where migration is relatively more likely among households above mean wealth. By contrast, in rural areas, migration prevalence is highest for households within one standard deviation below mean.
Finally, Figs. 4, 5, and 6 display the distributions of wealth post-departure, in 2012, comparing again households with a migrant departure between 2007 and 2012, with the whole population. These figures show a marked shift in the distribution for migrant households. Although such graphic display does not allow to infer a causal relationship, it suggests that migration is potentially associated with an increase in relative wealth. In the next section, we will analyze the determinants of migration, using regression analysis with the same approach, looking at household and individual characteristics before the migrant's departure.
Empirical methodology
The previous section has illustrated the non-linear relationship between a household's level of wealth, and the probability that one member of this household will emigrate in the near future. Next, we will employ an econometric model to study this relationship more precisely, controlling for other characteristics of the household. We will include the interaction between the network of past migrants from the same locality, and wealth, as (2007), we use a model of migration decision, which includes a measure of households' wealth level in polynomial form (degree 2), interacted with a measure of the local migration prevalence, capturing network effects facilitating migration. 5 In addition, we will consider labor market outcomes and their interaction with wealth, as determinants of migration.
Our measure of wealth is the same as in the previous section, a standardized index of assets owned by the household, which serves as a proxy for permanent income. As Filmer and Pritchett (2001) show, this type of indicator is a more stable measure of a household's standard of living than income; they advocate its use as a proxy for household's long-term income 6 . As a measure of migration prevalence, we will use the share of households in the district, with a member who migrated abroad during the 7-year period before the survey year (this period will differ for the two different samples used, as explained in the following sections devoted to each sample in turn). As explained by Munshi (2015) , measuring the impact of network of past migrants on subsequent migration decisions, which is made possible by the use of panel data, helps to reduce endogeneity.
Beyond the role of wealth, we are also interested in the impact of labor market outcomes on the propensity to emigrate. The models will include a measure of employment and of formal employment, at the household or the individual level.
The next subsections present each model in turn: we apply the first to the sample of households (sample I), to measure the impact of household characteristics, on the probability of a subsequent departure of one member abroad. The second model applies the same logic to the sample of individuals (sample II).
Household-level determinants of the migration decision
We model the probability that one member of a household will emigrate as a function of pre-departure characteristics.
Our baseline specification is the following: ) and 0 if not. X i,t is a set of household-level variables, including its size, share of dependents, share of working-age men, and the gender and education level of the head. γ g denote governorate fixed-effects. We estimate this specification as a linear probability model in OLS or IV. In addition, we check that our results hold when using a probit or IV-probit model. Results are quantitatively similar and are presented in the appendix.
The wealth indicator W is a composite asset-based index of wealth, computed as the first component of a vector of assets and durable goods.
Since we restrict the migration timing to the period after the wealth (as well as the other household characteristics) was observed, we avoid the reverse causality bias due to migration impacting wealth 7 .
Our measure for the migration network, N i,t , is the migration rate at the district level, defined as the share of households with a member who emigrated abroad during the 7year period before the survey year. 8 Through the networks effect, an individual living in a district with a high migration rate, should be more prone to emigrate, since this can lower migration costs. 9 The introduction of this network variable in the model raises two issues. First, there is a concern that this migration rate is measured with error, in particular in districts with few surveyed households. In the household sample considered here (sample I), the number of surveyed households per district has a median value of 49. In order to address this issue, we exclude from the sample observations in districts where less than 20 households were surveyed (less than 5% of observations).
The second issue is the risk of omitted variable bias, which may still be present if district-level determinants of migration are persistent in time, even though we use lagged migration rates as regressor and future departures as dependent variable. To address this issue, we use an instrumental variable approach, and we instrument the migration prevalence with older migration rates, using the fact that departures tend to be more frequent in places where historic migration rates have been higher. For this model, we use the migration networks computed from the previous survey round. Precisely, if t = 2006, we instrument the migration prevalence for 1998-2005 departures using the local migration prevalence computed on pre-1998 departures 10 .
We introduce an interaction term between wealth and network to capture the possibility that, as migrant networks lower the costs of migration, the level of wealth necessary to be able to send a migrant decreases. If this is the case, then the coefficient on the interaction terms should be negative 11 .
Moreover, the graphical analysis in Figs. 1, 2, and 3 suggests a non-linear relationship between wealth and migration. To allow for this possibility, we will use a specification including polynomial terms in wealth, and interactions with the network variable:
We also expect determinants of migration to differ in rural and urban environments. Migration is higher in rural areas, as shown in descriptive statistics. There are also indications that job market prospects deteriorate with distance to the urban centers where public and formal jobs concentrate (e.g., World Bank (2014)). To examine this possibility, we will estimate the model separately on the subsamples of urban and rural households.
Individual determinants of the migration decision
In a second approach, we use our sample of individuals. As explained in Section 2.1, we focus here on the cross section of men of working age observed in 2006, among whom we identify individuals who emigrated after this date. This allows us to estimate the probability of emigration (between 2007 and 2012), given pre-migration characteristics. The model we estimate is the following: W i,2006 is the wealth indicator of the household to which the individual i belongs; it is introduced in polynomial form in order to allow for a non-linear relation on the propensity to migrate, as suggested by the descriptive analysis presented in the previous section.
N i,2006 is our measure of the migration network, which is defined in the same way as for the household model, as the share of households with a member who emigrated during 1998-2005. As with sample I, we use migration prevalence based on older departures (1990) (1991) (1992) (1993) (1994) (1995) (1996) (1997) (1998) as an instrument. X i,2006 is a vector of individual characteristics.
As with sample I, we address the concern of measurement error in the network N i,2006 variable, by restricting the sample to observations in districts with more than 25 households surveyed in 2006.
In order to capture the labor market failures that might act as push factors, we will focus on particular on unemployment and employment characteristics.
As for the household model, we expect the impact of these factors to possibly differ in urban and rural areas and will estimate the model separately for urban and rural individuals.
We will also estimate this specification using a linear probability model in OLS and IV. As a robustness check, we use probit and IV-probit models and report the results in the appendix.
Results

Sample I: household model
We first analyze the determinants of the migration decision at the household level. We estimate the impact of the households' characteristics in 1998 and 2006, on the probability that one member migrates abroad in the period 1999-2006 and 2007-2012, respectively . Table 3 presents results from the base model. In columns 1 and 2, we use a model without the variables dependency and number of working-age men. These variables are potential determinants of the migration decision, but they could also be endogenous. We compare estimates with and without these variables and verify that coefficients on other variables are virtually unaffected by their inclusion. Measuring these characteristics before migration is likely to help mitigate the endogeneity risk.
Columns 3 and 4 estimate the full model in OLS and in IV. The measured coefficient on our network variable-defined as the migration prevalence at district level-is larger in IV. This may be due to measurement error. 12 IV results (column 4) indicate that an increase in the prevalence of migration in a household's district (i.e., the share of households with one migrant having left in the years preceding the survey) by 10% is associated with a 12% higher probability that one household member will migrate abroad. This impact seems to be larger in rural areas.
Household wealth is positively associated with the probability to send a migrant abroad. This is in line with the literature and is consistent with the hypothesis that higher wealth helps to finance the migration of a member, which is costly.
Our network variable has a standard deviation of 0.051. Thus, an increase by one standard deviation of migration prevalence in a district raises the probability to emigrate by 6 percentage points (1.19 * 0.051, based on IV results of column 6). By contrast, a one-standard deviation increase in wealth raises this probability by 1.8 percentage points (wealth being a standardized variable), i.e., a less than three times smaller impact. This indicates the important magnitude of the effect of networks in favoring migration.
The share of working-age men (a measure of the pool of potential migrants in the household) are both positively associated with the probability of sending a migrant. The household's dependency ratio, computed as the ratio between economically inactive and active members increases the propensity to send a migrant, suggesting that it may act as an additional incentive to search a job abroad. The education level of the household head does not significantly impact the migration propensity; this might be due to the fact that it is correlated to the wealth index. The share of household members employed in the formal sector (formal employment) is negatively associated with the probability to send a migrant. We may expect the access to formal jobs to influence migration decisions in two ways. On the one hand, it could facilitate migration, if wages paid in the formal sector are higher, or if formality reduces credit constraints, making the payment of migration costs easier. On the other hand, benefits associated with formal jobs, including stability and other non-wage benefits, may act as a disincentive to leave. This seems particularly relevant in the context of Egypt, where a large share of formal jobs consist of public jobs (68%, as of 2012), and where the market for skilled employment in the public sector is characterized by heavy rationing (Assaad 2014) . Our results suggest that the second effect dominates. We examine further the role of labor market outcomes in the next set of results.
In column 9, we estimate the model in household panel form, using household fixed effects. This implies that we now estimate the effect of changes in variables within a household, between 1998 and 2006, on the probability to have one member migrating abroad. The effect of several variables including wealth, dependency, and the formal employment share are no longer significant in this model. Most of the effects presented in the other columns are therefore identified based on between-household variation, while within-household changes over the period do not generate detectable effects.
In Table 4 , we look closer at the role of labor market outcomes (unemployment and formal employment) and their interaction with the migrant network.
Concerning unemployment, our results show that a higher share of unemployment decreases the migration propensity, with the effect reversed when the network increases. This suggests that unemployment not only acts as an incentive to emigrate but also limits the capacity to finance migration; so that a more developed migrant network allows high-unemployment households to send migrants abroad.
Specifically, the mean value of networks in the sample is 0.031. In a district with no previous history of migration (network = 0), a share of unemployed among members higher by 10% slightly decreases the probability to send a migrant abroad, by about 1%. This effect becomes positive approximately at the mean value of networks (3.97 * 0.031 = 0.12). In high network districts (i.e., above average), the incentive effect dominates, so that higher unemployment increases the propensity to emigrate.
Column 2 shows that the formal employment share decreases migration, the more so in high-network areas, with no evidence of a positive effect at low or zero network value. This confirms that formal employment acts mainly as a disincentive for emigration. Figures 1, 2, and 3 suggest that the effect of wealth on the propensity to emigrate is non-linear. To allow for this possibility, we now enrich the specification of the household model of migration using a polynomial in wealth (of degree 2), with interactions with the network variable. Results are displayed in Table 5 .
Non-linear effect of wealth
These results confirm the non-linear effect of wealth, as well as the influence of networks in this relationship. Coefficients on wealth and its square are both positive: thus, in a locality with low networks (low past migration prevalence), migration propensity increases monotonously with wealth. Networks tend to mitigate the impact of wealth, which is consistent with the idea that they lower the costs of migration. In localities with a larger network, the migration-wealth relationship has an inverted U shape, with the location of the maximum decreasing with the value of the network variable. 13 This confirms that network effects tend to counterbalance the positive selection of emigrants on wealth.
Results in the appendix confirm that results reported in Tables 3, 4, and 5 hold when using a probit or IV-probit model.
Sample II: individual model
The results for the individual model are presented in Tables 6, 7, and 8.
We now use the sample of individuals observed in 2006, constructed as explained in Section 2.1. In this sample, only 3.7% of migrants are women; 95% of migrants in the sample were between 16 and 54 years old in 2006. Therefore, the estimations are conducted on the sample of men aged 16 to 54 years in 2006.
The dependent variable is the probability of an individual's departure abroad between 2007 and 2012 (whether he has returned or not); regressors are a set of individual and household variables observed in 2006 before a potential departure.
In Table 6 , we estimate the non-linear relationship between wealth and migration prevalence using a polynomial in wealth, interacted with our measure of migrant networks Table 5 , results confirm the non-linearity of the wealth-migration relationship. In a context with low network prevalence, the probability to migrate increases with household wealth; when networks are present, this selection effect is weakened, and the wealth-migration relationship is bell-shaped. Individuals come from relatively poorer households when networks grow. In columns 2 to 4, we instrument our network variable. As before, we use a measure of older migration rates as an instrument for recent migration: we compute migration rates (the proportion of households with a migrant) at the district level based on departures in 1990-1998 and use it to instrument the migration rate for 1998-2006 departures, which is our measure of the network for an individual considering migration after 2006. In order to reduce measurement error for migration rates, we exclude from the sample districts with less than 25 households surveyed in 2006.
IV results confirm the non-linear relationship between migration propensity and wealth. The IV estimate of the network effect is larger than in OLS, possibly due to measurement error. Results are in line with those from the household model (sample I): coefficients on household-level variables, such as network, wealth, and their interactions are very similar when comparing column 2 in Tables 5 and 6.
The probability to migrate is estimated to be higher by 16% in a district with a 10% higher rate of past migrations, all else equal. This effect is reduced by half (−0.885 = −0.367-0.518) for an individual whose household is wealthier than the average by one standard deviation (i.e., wealth = 1). In the last two columns, we try to measure differences across urban and rural areas; however, results are subject to caution due to lower statistical power. In Tables 7 and 8 , we test the impact of individual labor market outcomes on the probability to emigrate, in OLS and IV. In columns 1-3, the impact of being employed and unemployed, respectively, is measured with respect to the reference group of inactives (students and other non-participating individuals). Being unemployed is a strong predictor of emigration, with the impact being larger in rural areas. For example, being unemployed is associated with a 19 percentage points higher probability to emigrate than for an employed person (0.188 = 0.283 − 0.095, IV results) in rural areas. This confirms the role played by the Egyptian labor market conditions, characterized by a scarcity of jobs, as an incentive to migrate.
In columns 4-6 of the tables, we look further at the role of labor market outcomes in the migration decision. We restrict the sample to employed individuals and consider the role of formal employment in the migration decision. Formality is negatively associated with the propensity to migrate; the impact is larger when instrumenting formal employment using an indicator for whether the individual's father was employed in the public sector at age 15 of the son 14 . There is a strong correlation between father's public employment and son's employment in the formal sector. Our assumption is that, once controlling for household wealth and structure and individual education, a father's past public employment does not influence the decision to migrate other than through a higher probability of securing formal employment for the son.
Results in column 5 indicate that the impact of formality is concentrated among the secondary and tertiary educated. This suggests that the scarcity of "quality" jobs faced by skilled individuals may explain part of the positive selection of migrants which is a specific feature of Egypt (Marchetta 2012) .
Results in column 6 indicate that the effect is stronger in areas with high migration prevalence, consistent with the hypothesis that informal employment acts as an incentive to emigrate, while access to a network of past migrants reduces the cost of migration (the two variables thus acting as complements).
We check that results from Tables 6, 7, and 8 hold when using a probit or IV-probit model; these results are reported in the Appendix.
Conclusions
Egypt is considered the largest labor exporter in the Middle East (Wahba 2009 ). Numerous studies have studied the returns to migration, in particular upon return Wahba and Zenou 2012) , as well as the impacts on the family left behind (Binzel and Assaad 2011) . Less attention has been devoted to the selection of emigrants. In this paper, we ask to what extent deteriorating prospects on the labor market drive decisions to emigrate. We also ask whether migration costs may constrain migration choices, making migration conditional on wealth or access to a network of past migrants. The relationship between wealth and migration matters for the impact of migration on inequality in origin communities, as shown in McKenzie and Rapoport (2007) .
Using three rounds of recent data from Egypt's labor market survey, we analyze the determinants of the decision to emigrate abroad, at the household and individual level. The panel structure of the data allows us to mitigate endogeneity issues, when measuring the impact of wealth and migrant networks, on the propensity to emigrate, by using predeparture values of these variables. We devote particular attention to the role of labor market outcomes, i.e., unemployment and informality, in the migration decision.
We first confirm the non-linearity of the relationship between wealth and migration, in the context of Egypt, in line with McKenzie and Rapoport (2007) ; Fernandez-Huertas Moraga (2013) . The propensity to emigrate is highest among individuals who come from households in the middle-lower part of the wealth distribution. This is consistent with the hypothesis that incentives to migrate are higher among poorer households, but that migration costs, in the presence of liquidity constraints, positively select migrants on wealth. We find that a larger network of past migrants from the same community tends to favor migration and to lower the level of wealth necessary to afford migration.
Second, we identify labor market outcomes as one important driver of emigration. Unemployed young men are relatively more likely to emigrate, as are those employed in the informal sector. In the context of Egypt, with rationing on the skilled labor market (Assaad 2014) , these results indicate that the lack of perspectives in the country for the young is one driver of migration flows. This is the case in particular among the educated young, and in rural areas, potentially more distant from formal job opportunities (World Bank 2014). Interacting labor market outcomes with our measure of migrant networks shows that migration decisions are conditional on the network: the effect of unemployment and informal employment is non-significant or reversed in areas with a low prevalence of migration. This raises the potential concern that opportunities to migrate are unequally shared across communities in Egypt.
Endnotes 1 This implies that migration is expected to increase inequality in areas with low networks, as shown in McKenzie and Rapoport (2007) .
2 They usually hold a restrictive, temporary work permit, under the kafala system. Wahba (2014) draws a complete overview of the patterns and trends of Egyptian international migration. 3 For a detailed description of the ELMPS data, see Assaad (2014) and Barssoum (2007) . 4 Those aged 45 to 54 make up 4.5% of the sample, while those 55 or older represent less than 1.5% of all migrants. This is why we decided to restrict the sample to individuals aged 16 to 54 in 2006. 5 McKenzie and Rapoport (2007) study the impact of migration on inequality in sending communities. In the first part of their empirical analysis, they estimate a model of migration with household resources (non-durable consumption) and networks (migration prevalence) as determinants. Our model is similar, except for timing (we use pre-departure determinants); however, our focus is not on the migration-inequality link contrary to theirs. 6 Data on expenditure are not available in the survey. 7 One possibility of reverse causation is that the household prepares the migration episode by saving money or selling assets, which would bias downward the coefficient estimate on wealth. In unreported results, we compare our model to a simultaneous model, similar to the one used in McKenzie and Rapoport (2007) , in which recent migration episodes (not older than 1 year) are regressed on household wealth. We find larger coefficient on wealth in our lagged model, which confirms the downward bias in the simultaneous model. 8 For t = 2006, we use the migration rate for the 1998-2005 period; for t = 1998, the 1990-1997 period.
9 Gruntz (2014) shows, in her work on Egyptian migrants in the UAE, the role played by the Egyptian communities already in place in providing logistical help to newcomers. 10 Similarly, for t = 1998, we instrument the 1990-1997 migration prevalence with the one based on pre-1990 departures. 11 Migration costs are here intended to include both monetary and non-monetary costs, such as informational costs related to the journey and to labor markets at destination (Munshi 2003) . In the case of Egypt, Zohry A (2004) quotes figures for the price paid to brokers to obtain a work contract in Gulf countries. 12 Note that, in order to mitigate measurement error, we have excluded from the sample all districts where less than 20 households had been surveyed. 13 Based on coefficients in column 3, at the mean network value of 0.031, migration propensity reaches its maximum at a wealth level given by (0.017 − 0.377 * 0.031) + 2.(0.016 − 0.563 * 0.031) * W = 0, which yields W = 1.82. Thus, it is increasing in wealth on most of the support of this variable, which is standardized and does not exceed 3.5. With a network value twice higher, the maximum is reached at −0.15. 14 The question asks for the father's last employment if he was dead or unemployed at age 15 of the individual. 2006, pre-1990 when t = 1998) in level and interaction terms ***p < 0.01; **p < 0.05; *p < 0.1 Education has four categories, the reference group is individuals with no education *p < 0.10; **p < 0.05; ***p < 0.01
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Household model (sample I): probit estimations
Individual model (sample II): probit estimations
